Synchronization for Multiuser Wide Band Impulse
Modulation Systems in Power Line Channels
with Unstationary Noise

Andrea M. Tonello and Francesco Pecile
DIEGM - Universita di Udine - Via delle Scienze 208 - 33100 Udine - Italy
phone: +39 0432 558042 - fax: +39 0432 558251 - e-mail: tonello@uniud.it, francesco.pecile@uniud.it

Abstract—In this paper we consider a wide band multiuser
impulse modulation based system combined with DS-CDMA. We
focus on the synchronization problem and we derive an optimal
maximum likelihood metric for multiuser synchronization
assuming an unstationary Gaussian noise model. Then, with the
appropriate simplifications we obtain a simple implementation
that is capable of achieving near optimal performance. The
results show that the scheme allows for robust transmission over
highly dispersive PL channels in the presence of impulse noise
and multiple access interference.
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I. INTRODUCTION

In this paper we consider a power line (PL) communication
system that uses carrier less wide band impulse modulation
with bandwidth beyond 20 MHz [1]-[4]. Indoor applications
such as local area networks, peripheral office connectivity, and
home/industrial control are considered. The basic idea behind
impulse modulation is to convey information by mapping an
information symbol stream into a sequence of short duration
pulses (referred to as monocycles) [5]. The monocycle can be
shaped to avoid the low frequencies where we experience
higher levels of background noise. User multiplexing is
obtained via direct sequence code division multiple access
(DS-CDMA) using signature waveforms that are a repetition
of time delayed and weighted monocycles [6]. We point out
that since our system deploys a fractional bandwidth (ratio
between signaling bandwidth and center carrier) larger than
20%) it can be classified as an ultra wide band (UWB) system
according to the FCC.

It has been shown that this system provides robust
performance in highly time dispersive PL channels, in the
presence of impulse noise and multiple access interference. In
particular in [4] we have described a frequency domain
receiver and we have assessed the problem of estimating the
channel frequency response.

In this new contribution we deal with the synchronization
problem. The multiple access channel is assumed
asynchronous which means that communication is from one
node to another, and nodes are not temporally synchronous.
The detector needs to acquire frame synchronization with the
users that it intends to demodulate. Single user
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Fig. 1. Wide band impulse modulated system
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synchronization, and in particular estimation of the multipath
channel profile for typical UWB radio channels has been
studied in [11]-[12].

Herein, we consider optimal maximum likelihood
synchronization with training in the presence of multiple user
transmission and unstationary noise. In PL channels, both
stationary and unstationary noise components are present, e.g.,
colored background noise and impulsive noise [8]-[9]. To
derive the synchronization metrics, we model the noise as an
unstationary colored Gaussian process. Simplified metrics are
also obtained under certain assumptions.

Il. SYSTEM MODEL

We consider the system model described in [4] (Fig.1). For
clarity, we summarize the main characteristics. A number of
nodes (users) wish to communicate sharing the same PL
network. Communication is from one node to another node,
such that if other nodes simultaneously access the medium
they are seen as potential interferers. Users’ multiplexing is
obtained in a CDMA fashion allocating the spreading codes
among the users. The signal transmitted by user u can be
written as

sV () = X Y b g (t-kT,) &)

k ieC,
where g®"(t) is the waveform (signature code) used to

convey the i-th information symbol b{"" of user u that is

transmitted during the k-th frame. Each symbol belongs to the
pulse amplitude modulation (PAM) alphabet, and it carries
log, M information bits where M is the number of PAM

levels, e.g., with 2-PAM b"" has alphabet +1. T, is the
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symbol period (frame duration). C, denotes the set of

signature code indices that are allocated to user u. Thus, user u
can adapt its rate by transmitting C, information symbols per

frame. The signature code comprises the weighted repetition of
L >1 narrow pulses (monocycles):

g (M) = 3 cbig, (t—mT) )

where ¢ =+1 are the codeword elements (chips), and T is
the chip period. The monocycle g,, (t) can be appropriately

designed to shape the spectrum occupied by the transmission
system. In this paper we consider the second derivative of the
Gaussian pulse with  duration D ~126 ns, and -30 dB
bandwidth of 40 MHz [4]. An interesting property is that its
spectrum does not occupy the low frequencies where we
experience higher levels of man-made background noise.

We choose the chip period T > D, and we further insert a
guard time T, between frames to cope with the channel time
dispersion. Thus, the frame durationis T, = LT +T,.

Distinct codes are allocated to distinct users. In our design
the codes are defined as follows:

Cr(nu,i) :Cl(um)cél)m m=0,..,L-1 3

where {cl‘v”ni} is a binary (£1) random sequence of length L
allocated to user u, while {c{” } is the i-th binary (+1) Walsh-

2,m

Hadamard sequence of length L. It should be noted that with
this choice each node can use all L Walsh codes, which yields
a peak data rate per user equal to R=L/T, symbol/s. It
approaches log, M /T bit/s with long codes. Clearly, while
the signals of a given user are orthogonal, the ones that belong
to distinct transmitting nodes are not. The random code {cl(v“nﬁ}
is used to randomize the effect of the MAL.

The signals of the N, users propagate through distinct
channels with impulse response g&)(t). The received real
signal, at a given node, reads

y(t) = x(t) + w(t) = Nzu XU (=AM + w(t), (4)

A" is the time offset of user u, while x“) (t) is the equivalent
impulse response of user u that is obtained from the
convolution of the transmitted waveform s“(t) and the

channel impulse response g&) (t) ,

K90 = [ dr & (st 1), ©)

w(t) denotes the additive background noise at the receiver
input.

It should be noted that the channel time dispersion
introduces both inter-code (ICl) and multiple access
interference (MAI) at the receiver.
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Fig. 2. Training methods.
A. Training

The synchronization algorithm described in this paper is
based on sending a training pattern. The training signal is sent
via the assignment of a pilot code (one of the codes defined by
(3)) to each user. If we assume packet transmission the training
word can precede the information packet (TDMA training), or
it can be embedded in the packet itself (CDMA training). This
is illustrated in Fig.2. Te received signal can be written as

NU NU
y(t) =D xRt -AY)+ > x{h - ALY +w(t)  (6)
u=1 u=1

where we highlight the fact that the received signal comprises
both x{(t) that is associated to the training signal, and

x)(t) that is associated to the information signal. If training

is embedded in each information packet, x{.,(t) is seen as
interference by the synchronization algorithm.

B. Channel Model

The synchronization algorithm that we derive does not rely
on a specific channel model. To evaluate performance we use
a statistical channel derived from the multipath model in [7] as
described in [4]. Distinct users experience distinct channels
with identical maximum time dispersion.

C. Noise Model

To derive the receiver algorithms we treat the noise as an
unstationary colored Gaussian real process with zero mean. In
PL channels both stationary, and unstationary noise
components can be present. They include colored stationary
background noise, cyclostationary noise synchronous to the
mains, and unstationary impulsive noise [8]. Often, the two
terms Gaussian model is used [9]. It accounts for a stationary
component and an impulsive component that occurs with a
certain probability. Herein, the two terms Gaussian model is
generalized to the continuous time domain as follows

W(t) = w; (1) + a(t)w,, (t) ()
where w; (t) is the stationary contribution, and a(t)w,, (t) is

the impulse noise component. The multiplicative process «(t)

accounts for the presence or absence of impulse noise. That is,
at time instant t the random variable «(t) is a Bernoulli

random variable with parameter p and alphabet {0,1}. We

refer to it as Bernoulli process. w; (t) and w,, (t) are treated as
independent zero mean Gaussian, with correlation



K () = &, (E—t) = E[w, ()W, ()],

Ky (1) = (t=1) = E[w,, (Dw,y, ()] (8)
Conditional on the Bernoulli process, the impairment is a
Gaussian process with correlation

K, (61) = EIWOWE) | ).t € R] = i (1) + et i (). (9)
The model describes impulse spikes of certain duration, power
decay profile, and colored spectral components. Note that (7)
is in general unstationary although the single processes w; (t)

and w,, (t) are herein modeled as stationary according to (8).

D. Receiver

The baseline receiver for the impulse modulated system is
the correlation receiver. It correlates the received signal with
the desired user equivalent signature waveform [1]. Improved
detection performance can be obtained with a frequency
domain approach as described in [4]. All these receivers

require the knowledge of the users time offsets A“). In the
following we derive maximum likelihood synchronization
algorithms that allow to estimate both the offsets A“, and the
users channel impulse responses g&)(t), assuming that a
training signal is transmitted by each user.

I1l. ML JOINT SYNCHRONIZATION

In this section we describe a general framework from
which we derive the maximum likelihood (ML) joint
synchronization metric. We start from the received signal
model in (6), and we define the vector of time offsets

A=[AY, AP AT (10)
whose N, elements are the time offsets A", and the vector of
channel impulse responses

e(t) =[g¢} (). 9 (©)..... 988 (O] (12)

Further, we model the overall impairment (interference plus

noise) i(t) = Z::lx,(,j)m (t)+w(t) as a zero mean unstationary
Gaussian process with correlation function

x(t;t) = E[i(t)i(t)] = k0 (1) + 1, (t51) (12)

where &, (t;t) is the correlation function of the information

signals, i.e., interference seen by the known training signals,
which is not null with CDMA training, while «,,(t;t") is the

correlation of the background noise. This is Gaussian if the
background noise follows the two terms mixture model
conditionally on the knowledge of the Bernoulli process
realizations. The interference is only approximately Gaussian.

Then, the ML estimates of A, and ¢(t) are the values A,
¢(t) that minimize the log-likelihood function [13]-[14]

+00 +00

A(Y(®)|A,e(®) = [ dt | dt'(y(t)—NZ”x%)(t—A(“’)]
o h (13)

xxl(t;t')[y(t') > x%“(t'—A‘“")j

where «7'(t;t") is the inverse function (that we assume to
exist) of (12) with respect to the product operator [14], i.e.,

[ dt sty (15t = s(t") (14)
where &(t;t") is the unit function in the vector space of bi-
dimensional function to which «(t;t"), and x(t’;t") belong.

It can be shown, after some manipulation, that the
minimization of A(y(t)|A,c(t)) is equivalent to the

minimization of the following likelihood function

/A\(A, c(t)) = Td TT dz’ ¢ (r)R(A, 7,7")e(7)

—0 —0

- (15)
- j dr ¢ (o)A, 7) - j dz o (A, 7)e().

To obtain (15) we have defined the correlation matrix of the
user training waveforms s' (t)

R(AY,AY 7,7") R(A®, AN 7 77)
R(A,7,7") = : (16)
R(A(NU),A(D,T,T') R(A(NU),A(NU) , T,Z")
where each element of the matrix is given by
RUD (AW AW 7 71
(17)

+o0 +o0
- j dt j dt’ s©(t—AY — )L (t;t) s (t' — AW — 7).
Further, we have defined the vector of mutual correlation
between the received signal and the transmitted waveform

1A =[ 72(A9,2), 7P (AP, 7)..... L (A%, )] (18)
where each element is given by

+00

7AW 1) = j dtjdt' sW(t—AY — ) MGt y(t).  (19)

—0 -0

To proceed in the derivation of the algorithm, we define

MAT) = sz" R*(A,7,7")x(A, 7). (20)
x(A,7) can be rewritte;cas
(A7) = Tdr' R(A,7,7")M(A, 7)) (21)

where Idr’ R'(A,7,7)R(A, 7', 7") =15(r,7"), and T is the
identity matrix of size N, x N, .

Now, if we substitute (21) in (15), we add and subtract the
term jdrjdr’ A" (A, 7)R(A,7,7")M(A, "), and we group equal
terms, we obtain a new form for the likelihood function

IA\(A, c(t) = T d TT dz’ [e(r) - MA, 2')]T R(A, 7,7)[e(z") - MA, T)]

X (22)
- j dr j dz’ AT (A, D)R(A, 7, 7)MA, 7).
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A and B in (22) are non-negative quadratic forms such that
they are always larger than or equal to zero (the proof is

omitted for space limitations). Therefore, A(A,c(t)) is
minimized when we choose A that maximizes B(A), and
then we choose ¢(t) that sets A(A,c(t)) to zero. The condition
A(A, c(t)) =0 implies that

c(t)=MA L) = Tdr R (A1, 7)x(A, 7). (23)
Further, from (20)-(21) we _kTave that
B(A) = TdTTdT’ 1 (A TRYA, 7, 7)1 (A 7). (24)

-0 -0

Thus, the ML estimates of the user time offsets and channel
impulse responses is done in two separate steps. First, we
search for the vector of time offsets that maximizes (24), i.e.,

+00

A=arg max{ j derr' 2 (A, DRA, 7, 7)1 (A, r')}. (25)

—0

Then, we determine the vector of channel impulse responses as

&) = j dr RY(At,2)5(A, 7). (26)
Indeed, the ML joint estimation problem in (25) is optimal but
complex. Thus, to make it practical we proceed making certain
assumptions that allow us to derive a simplified algorithm.

A. Assumption of Orthogonality

We can simplify the synchronization algorithm if we
assume

R'(A7,7)=15(c'-7) 27
when 7 is in [-T,,T,], with T, <N, gT¢, where N, is
equal to the number of training bits, and zero otherwise. This
hypothesis holds true if the transmitted waveforms are
orthogonal and the noise is white stationary. We obtain a sub-

optimal metric that can be implemented by a decoupled search
of the time offsets. This is because the joint search for the N,

time offsets A" that solves (25) is equivalent to the solution
of N, separate searches, one for each user, as follows

AW = argAmax {E dr [;((u) (AY, T)T}

Under the hypothesis above, if we substitute the expression for
the training waveforms according to (1) we obtain the
following timing metric

R T Ny -1 L1 2
A‘”):argrmx{ dr { D9 cURa(r+AY +KT, +mT)}} (29)
A m=0

AY _T, k=0

(28)

where we have defined z(t)=y=*g,, (t). z(t) is the received

signal filtered by the impulse matched to the transmit
monocycle g, (t) (front-end analog filter). b{"), and c{5) are

the training bits and spreading chips assigned to user u. If we

set T, =(T; —LT)/2 this metric is similar to the one proposed in
[10]. If we know the channel duration we canset T, =T, /2.

channel

B. Remarks on the Practical Implementation

The practical implementation of the algorithm in (25)-(26)
requires the knowledge of the time-variant correlation function
that includes the interference and the unstationary background
noise. Clearly, the correlation of the unstationary noise
component cannot be estimated in practice. However,
experimental measurements have shown that the unstationary
component is due to impulse noise that can be either
cyclostationary or in general repetitive [8]. That is, it manifests
itself as a noise spike whose statistics (variance and
correlation) over its duration remain identical. Thus, they can
be estimated by first estimating when the impulsive noise
occurs, and then via time averaging over the occurrence bursts.
A significant simplification is obtained by estimating whether
a received frame is hit by impulse noise (by looking at the
received energy) [4] and then neglecting such frames in the
synchronization metric (29).

IV. SIMULATION RESULTS

We assume a frame duration T;=4.096 ps and a monocycle
of duration D ~126ns, and =30 dB bandwidth of 40 MHz
[4]. The guard time is Tg=2.048 ps. The front-end filter output
signal is sampled with period T.=16 ns. Thus, we collect
M=256 samples per frame. User synchronization is done with
the algorithm described in Section 111, while detection, channel
estimation, and noise correlation estimation, is done in the
frequency domain using an FFT of size 256 [4]. The spreading
codes have length L=16 with a chip period T=128 ns. The
codes are obtained by the chip by chip product of the 16 Walsh
codes and a random code for each user to be multiplexed. One
code is reserved for training in the CDMA fashion as shown in
Fig.2. The code is cyclically shifted so that at each new frame
a different Walsh code is assigned to the pilot channel. We
consider binary data symbols. A bit interleaved convolutional
code of rate Y2 and memory 4 is also used. Full rate users are
considered, i.e., all 16 Walsh codes are assigned to them. The
super-frame spans N=540 frames over which block
interleaving is applied. The uncoded data rate is equal to 3.66
Mbit/s/user, while the net rate with coding is half of that. It can
be increased with higher level PAM or longer codes.

To test performance we have used the statistical channel
model in [4] whose impulse response has duration equal to 4
ps. Synchronization is done according to the simplified metric
of this paper. After having acquired frame timing, detection
algorithm is done with the iterative frequency domain joint
detector described in [4]. 3 iterations are used. The frequency
response of the channel is estimated via an RLS algorithm.

In Fig.3 a single user transmits at full rate (all 16 Walsh
codes are used). No channel coding is considered herein. The
input background noise is AWG, however the front-end filter
colors it. The results show that with ideal synchronization and
channel estimation the BER curve is within 0.5 dB from the
single code performance (the degradation is due to the ICI).
With practical time domain synchronization the performance is



good, and diverges from the ideal only for low bit error rates.

In Fig.4 the set up is identical to that of Fig.3. However,
channel coding is applied, and the background noise is
impulsive according to the two terms Gaussian model with
occurrence probability equal to £=0.01. The impulse noise
has variance 100 times the first term. The noise spikes last for
4 frames but are asynchronous with them. The impulse noise
degrades performance severely. However, it can be
compensated by detecting it, and neglecting the frames that are
hit by it both in the synchronization metric and in the
corresponding trellis sections of the Viterbi decoder. In this
case, as the curves labeled with impulse noise compensation
show, the performance comes close to the single code bounds.

In Fig.5 three equal power interferers at full rate with
channel coding are present. They have a random time phase.
The performance with practical synchronization is about 1 dB
worse than that with ideal synchronization. We emphasize that
here 4 users are transmitting at full rate thus the amount of ICI
and MAL is relevant.

V. CONCLUSIONS

We have derived a ML synchronization algorithm for
multiuser impulse modulated CDMA systems in the presence
of unstationary noise. The practical application of the
algorithm in the presence of impulse noise has been discussed,
and a simplified metric has been also reported. Simulation
results show that the performance of the receiver with practical
synchronization and channel estimation is close to the ideal
performance, such that the scheme allows for robust
transmission over highly dispersive PL channels in the
presence of impulse noise and multiple access interference.

REFERENCES

[1] A. Tonello, R. Rinaldo, L. Scarel, "Detection Algorithms for Wide Band
Impulse Modulation over Power Line Channels," Proc. of ISPLC 2004,
Zaragoza, Spain, pp. 367-372, March 2004.

[21 A. Tonello, R. Rinaldo, M. Bellin, "Synchronization and Channel
Estimation for Wide Band Impulse Modulation over Power Line
Channels," Proc. of ISPLC 2004, Zaragoza, pp. 206-211, March 2004.

[3] G. Mathisen, A. Tonello, "Wirenet: An Experimental System for In-
House Power Line Communications," Proc. of ISPLC 2006, Orlando, FL,
pp. 137-142, March 2006.

[4] A. Tonello, "A Wide Band Modem Based on Impulse Modulation and
Frequency Domain Signal Processing for Powerline Communication,”
Proc. of IEEE Globecom 2006, San Francisco, November 2006.

[5] M. Z. Win, R. A. Scholtz, "Impulse Radio: How It Works," IEEE Comm.
Letters, vol. 2, pp. 10-12, January 1998.

[6] G. Durisi, S. Benedetto, "Performance Evaluation and Comparison of
Different Modulation Schemes for UWB Multiple Access,” Proc. of
IEEE ICC 2003, Anchourage, USA.

[71 M. Zimmermann, K. Dostert, "A Multipath Model for the Powerline
Channel," IEEE Trans. on Comm., vol. 50, pp. 553-559, April 2002.

[8] M. Zimmermann, K. Dostert, "An Analysis of the Broadband Noise
Scenario in Powerline Networks," Proc. of ISPLC 2000, Limerick, pp.
131-138, April 2000.

[91 D. Middleton, “Statistical-physical Models of Electromagnetic
Interference," IEEE Tr. on Electr. Compat., pp.106-127, August 1977.

[10] A. Tonello, R. Rinaldo, "A Time-frequency Domain Approach to
Synchronization, Channel Estimation, and Detection for DS-CDMA
Impulse Radio Systems,” IEEE Tr. on Wireless Comm., pp. 3005-3017,
Nov. 2005.

[11] M. Z. Win, R. A. Scholtz, "Characterization of Ultra-Wide Bandwidth
Wireless Indoor Channels: A Communication-Theoretic View," IEEE
JSAC, vol. 20, pp. 1613-1627, December 2002.

[12] V. Lottici, A. D’Andrea, U. Mengali, "Channel Estimation for Ultra-
Wideband Communications," IEEE Journal on Selec. Areas in Comm.,
vol. 20. no. 9, pp. 1638-1645, December 2002.

[13] G. Ungerboeck, "Adaptive Maximum-Likelihood Receiver for Carrier-
Modulated Data-Transmission Systems," IEEE Trans. On Comm., vol.
22, pp. 624-636, May 1974.

[14] M. Schwartz, "Abstract Vector Spaces Applied to Problems in Detection
and Estimation Theory," IEEE Tr. Info. Theory, pp. 327-336, July 1966.

AWGN - Uncoded Single User at Full Rate
10 T T T T T T

Practical Synchronization

Ideal Single Code
103 Performance in AWGN

Ideal Synchronization

-4

10 ‘ ‘ ‘ ‘
3 6
Eb/No (dB)

Fig. 3. One uncoded full rate user with ideal and practical synchronization.
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Fig. 4. One full rate coded user with impulsive noise.
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Fig. 5. One full rate coded user with three full rate interferers.






